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Pathways to a Protein Folding
Intermediate Observed in a

1-Microsecond Simulation in
Aqueous Solution
Yong Duan and Peter A. Kollman*

An implementation of classical molecular dynamics on parallel computers of
increased efficiency has enabled a simulation of protein folding with explicit
representation of water for 1 microsecond, about two orders of magnitude
longer than the longest simulation of a protein in water reported to date.
Starting with an unfolded state of villin headpiece subdomain, hydrophobic
collapse and helix formation occur in an initial phase, followed by conforma-
tional readjustments. A marginally stable state, which has a lifetime of about
150 nanoseconds, a favorable solvation free energy, and shows significant
resemblance to the native structure, is observed; two pathways to this state
have been found.

Elucidation of the mechanism of protein fold-
ing is an important step in understanding the
relation between sequence and structure of
proteins. Understanding of the mechanism
should allow more accurate prediction of pro-
tein structures, with wide-ranging implica-
tions in biochemistry, genetics, and pharma-
ceutical chemistry. The recent hypothesis of
folding-related diseases is another example of
the significance of folding (1). Yet despite
great progress made by a variety of experi-
mental and theoretical studies after decades
of extensive research, it has been difficult to
establish detailed descriptions of the folding
process and mechanism (2).

Computer simulation of molecular systems
can provide rich information at various levels of
resolution, and this approach has been impor-
tant in attempts to understand protein folding
mechanisms. A simplified representation might
treat the protein residues as (one or two) linked
beads (3). Higher resolution models represent
most or all of the atoms of the protein explicitly,

with an implicit representation of the solvent (4,
5). At an even higher level of detail are molec-
ular dynamics (MD) simulations with full
atomic representation of both protein and sol-
vent. Such calculations are uniquely suited to
the study of protein folding because of their
resolution and accuracy. The simulation param-
eters (that is, the force field) are derived from
experiments and from gas-phase quantum me-
chanical calculations and have been tested in
smaller systems in many critical comparisons
with experimental results (6). Because of the
complexity of the representation, the large
number of atoms (often exceeding 10,000), and
the need to take time steps of 1 to 2 fs, such
simulations have, to date, been limited to a few
nanoseconds (7) (or a few million integration
steps). This has precluded the simulation of
even the early stages of protein folding. Never-
theless, insights have been gained from unfold-
ing simulations (8) of the denaturation process.
Attempts have also been made to construct the
folding free-energy landscape from unfolding
simulations (9). Direct folding simulations with
this approach, however, have been limited to
small peptide fragments and have been carried
out for as long as 50 ns (10). Direct simulation
of the protein folding process with such an

approach has not been considered possible (11)
“either now or in the foreseeable future” (12, p.
29). By using a Cray T3E, a massively parallel
supercomputer consisting of hundreds of cen-
tral processing units (CPUs) connected by low-
latency, high-speed, and high-availability net-
works, with an efficiently parallelized program
that scales well to the 256-CPU level for small
protein–solvent systems and is six times faster
than a typical current state-of-the-art program
(13), we have conducted a 1-ms simulation at
300 K on the villin headpiece subdomain, a
36-residue peptide (HP-36) (14, 15), starting
from a fully unfolded extended state (Fig. 1A),
including ;3000 water molecules (16–18).
The simulation time scale is close to that re-
quired to fold small proteins. The simulation
shows a mechanism for the protein to find a
folding intermediate, an important step in pro-
ceeding to its fully folded state.

Proteins can have marginally stable non-
native states that are difficult to observe ex-
perimentally (19). Computer simulation can
play an important role in identifying these
structures because of its extremely high time
resolution and detailed atomic level represen-
tation. Recent experimental studies suggest
that the time for (small) proteins to reach
their marginally stable states with partially
formed secondary structures is on the order of
10 ms (20). It also has been shown that a
small protein can fold within 20 ms (21), and
it has been estimated that the lower limit of
the folding time is 1 ms (22).

HP-36 is one of the smallest proteins that
can fold autonomously. It contains only natu-
rally occurring amino acids and does not re-
quire disulfide bonds, oligomerization, or li-
gand binding for stabilization; its melting tem-
perature is above 70°C in aqueous solution
(14). The estimated folding time of the protein
is between 10 and 100 ms (23), which would
make it one of the fastest folding proteins.
Nuclear magnetic resonance (NMR) studies of
the 36-residue subdomain revealed three short
helices (Fig. 1C) (15). We refer to them as
helices 1, 2, and 3, for residues 4 to 8, 15 to 18,
and 23 to 30, respectively, as found in the NMR
structure. They are held together by a loop
(residues 9 to 14), a turn (residues 19 to 22), and
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a closely packed hydrophobic core. In the fol-
lowing, we number the residues from 1 to 36,
where our residue 1 corresponds to residue 41
in the NMR structure. The unfolded starting
structure (Fig. 1A), which was generated from
the NMR native structure by a 1.0-ns MD
simulation at 1000 K, was in an extended state
with very few native contacts (,3%) and no
helical content.

In addition to the 1-ms simulation, a control
simulation was conducted for 100 ns at 300 K
(16), starting from the native NMR structure
(15). In this 100-ns simulation, the NH2-termi-
nal helix 1 rotated ;30° outward while main-
taining its helical structure. The COOH-termi-
nal residue Phe36, which was disordered in the
NMR structure, also exhibited large-scale
movement. Phe36 was initially in the solvent, as
found in the NMR structure. Together with
Leu35, it soon moved toward the COOH-termi-
nus of helix 1 and loosely packed against the
middle of Lys8, forming a small hydrophobic
cluster comprising Lys8, Leu35, and Phe36.
Judging from the reduction of the hydrophobic
surface, the formation of these contacts appears
energetically reasonable. The overall structure,
particularly the middle portion (helices 2 and 3)
and the hydrophobic core, remained stable in
the simulation. The average root mean square
deviation (rmsd) from the NMR structure was
1.5 Å for the main chain atoms of residues 9 to
32 in the last 50 ns of the trajectory, whereas
this rmsd varied from 3.0 to 8.8 Å during the
last 800 ns of our 1-ms folding trajectory. The
fact that the core of the native structure re-
mained near the NMR structure indicated that
our simulation protocol was adequate to study
protein folding.

In the 1-ms trajectory, the radius of gyra-
tion (Rg) fluctuated (Fig. 2C) between 16 Å,
which represents extended states, and 8.7 Å,
which represents highly compact states, com-
pared with 9.4 Å of the native structure. The
main-chain rmsd (Fig. 2C) of all residues (1
to 36) varied between 12.4 and 4.5 Å; that of
the middle portion (residues 9 to 32) fluctu-
ated between 8.8 and 3.0 Å. Up to 80% of the
native helical content (Fig. 2A) and up to
62% of the native contacts (Fig. 2B) were
formed. The solvation component of the free
energy (SFE) (Fig. 2D) also reached levels
comparable to that of the native structure.
More importantly, a marginally stable state
was reached, as can be seen from the rmsd’s
and the Rg, which had a residence time of
longer than 150 ns, much longer than typical
MD simulations conducted to date.

An important feature of most of the trajec-
tory is its high degree of fluctuation, exhibited
by essentially all the features measured, includ-
ing native helical content, native contacts, rmsd,
and Rg (Fig. 2). Such a large degree of fluctu-
ation is in contrast to the relatively small fluc-
tuations found during the simulation beginning
from the native structure and during the time

when the marginally stable state was reached in
the folding simulation. This high degree of
fluctuation is an indication of the rugged and
shallow free-energy landscape associated with
early stages of folding. This shallow landscape
enables the protein to search the early-stage
folding free-energy surface easily.

The folding began with a “burst” phase,
characterized by a steady rise in native helical
content (Fig. 2A) and in native contacts (Fig.
2B), and the decrease of the SFE (Fig. 2D),
which lasted from the beginning of the trajec-
tory to ;60 ns. Within this period of time, the
native helical content increased to ;60% from
an initial value of zero; meanwhile, the native
contacts increased to about 45% from an initial
value of 3%, and the SFE was reduced by
nearly 14 kcal/mol, reaching a level comparable
to that of the native structure. Analysis of the
correlations between various energy terms and
Rg indicated that the initial phase of the 300 K
simulation was driven by the burial of exposed
hydrophobic surface (13). Therefore, this phase
can be seen as an initial hydrophobic collapse.
However, given the concomitant rise of the
helical content, it appears that hydrophobic col-
lapse occurs on the same time scale as forma-
tion of some secondary structure. This makes
physical sense in that a protein, as it buries its

hydrophobic groups, tries to avoid burying its
hydrogen bonding functionalities, and second-
ary structure formation provides a way to do
this. The time required to reach 50% helical
content was about 60 ns, in excellent agreement
with recent kinetic measurements on apo-myo-
globin (48 ns) (24) and on alanine peptide (16
to 180 ns) (25). Given the diverse folding rates
observed in different sequences in experiments
(16 ns for alanine peptide and 48 ns for apo-
myoglobin, with the same method), the small
difference observed here may be the result of
sequence dependence.

Alonso and Daggett (26) showed that al-
most all nonnative conformations of ubiquitin
generated in unfolding simulations moved to
a lower Rg when the temperature was low-
ered. Their least native structure went
through two cycles of expansion and collapse
in 2 ns. Our simulations expand on these
findings by showing that cycles of expansion
and collapse can extend even into the micro-
second regime and that these expanded and
collapsed structures get more nativelike as
folding proceeds.

This burst phase was followed by a slower
adjustment phase. The slower phase started
from a sharp drop of the helical content, from
an average of more than 50% down to about

A

D E

B C

Fig. 1. Ribbon representations of (A) the unfolded, (B) partially folded (at 980 ns), and (C) native
structures, and (E) a representative structure of the most stable cluster and (D) the overlap of the
native (red) and the most stable cluster (blue) structures, generated with UCSF MidasPlus. Color
code [except (D)]: red, main chain atoms and oxygen; black, non–main chain carbon; blue,
non–main chain nitrogen; gray, hydrogen; yellow, sulfur.
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20%, while the Rg decreased slightly and the
SFE became more favorable. Meanwhile, the
native contacts remained at a level similar to the
one at the end of the burst phase. After this
initial drop of the helical content, both the

helical content and the native contacts remained
at their respective levels. They showed a steady
but slow rise after about 200 ns. A two-phase
folding process has also been observed in the
kinetic measurement of apo-myoglobin in

which a fast 48-ns burst phase was followed by
a 132-ms slow phase that was interpreted as the
tertiary-contacts formation phase (24).

To reach their folded states from fully un-
folded states, proteins can (27) sample margin-
ally stable states, which can be identified by
clustering methods (28). The population of
snapshots in each cluster reflects the likelihood
of each cluster being sampled in the duration of
the simulation. There are 13 clusters that each
contain more than 1000 snapshots (or 2% of the
trajectory, equivalent to 20 ns). Among these 13
most populous clusters, 10 are compact, with
values of Rg between 9.1 to 10.4 Å (or 96 to
110% of the native Rg). A common feature of
these clusters is the formation of a helix at the
NH2-terminus of helix 3, residues 23 to 28.
Helix 2 is also partially formed in 12 of the 13
most populous clusters. This suggests that helix
2 and the NH2-terminus of helix 3 are the
initiation sites of folding.

The core regions of most of these 13
populous clusters are packed and inaccessible
to water. Their average buried surface areas
were more than 50% for residues 10 to 30,
which make up the core region, compared
with 58% burial of the same residues in the
native structure. Only 4 of the 13 clusters
showed more than 50% accessible surface for
the same region. This is in contrast to the
initial 200 ns of the trajectory, in which half
of the compact structures showed a solvated
core (13), indicating a shift toward compact
structures that are less accessible to water as
the folding progresses.

The most populous cluster had a population
of 8765 snapshots, or 17.5% of the trajectory.
Most of the snapshots in this cluster are found
between 240 to 400 ns, while the rmsd and Rg

are very stable, and the SFE is comparable to
that of the native structure. It is also the most
compact cluster whose Rg of 9.1 Å is smaller
than that of the native structure (9.4 Å). Repre-
sentative structures from this cluster show a
marked similarity to the native structure (Fig.
1D). Among the secondary structure elements,
helix 2 is well formed, helix 1 and 3 are par-
tially formed, and the loop connecting helix 1
and 2 starts to form. The main chain rmsd of the
structure shown in Fig. 1E relative to the NMR
structure is 5.7 Å for all residues and 4.0 Å for
residues 9 to 32. The SFE of this cluster is
7.8 6 2.3 kcal/mol, close to the 7.1 6 2.2
kcal/mol of the 100-ns native simulation trajec-
tory and the 6.4 kcal/mol found for the experi-
mental NMR structure. A notable feature of this
cluster is its high stability. The longest resi-
dence time in the cluster is about 150 ns, much
longer than that of any other state (typically a
few nanoseconds).

While the simulation is in the most highly
populated, nativelike state, the side chains do
not reach their native positions (Fig. 1E). This is
not surprising. It is unrealistic to expect the
protein to fold to the native structure within our

Fig. 2. Time evolution of (A) fractional native helical content, (B) fractional native contacts, (C) Rg
and the main chain rmsd from the native structure, and (D) SFE of the protein. The helical content
and the native contacts are plotted on a logarithmic time scale. The helical content was measured
by the main chain f-c angle (260° 6 30°, 240° 6 30°). The native contacts were measured as
the number of neighboring residues present in 80% of the last 50 ns of the native simulation.
Residues are taken to be in contact if any of the atom pairs are closer than 2.8 Å, excluding residues
i and i11, which always have the contacts through main chain atoms. The SFE was calculated as
described by Eisenberg and McLachlan (31) using their parameters (0.0163, 20.00637, 0.02114,
20.02376, and 20.05041, in kcal mol Å22, for the surface areas of nonpolar, polar, sulfur, charged
oxygen, and charged nitrogen, respectively). The straight line represents the SFE of the native
structure.
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simulation time of 1 ms, which is still much
shorter than the lower bound of the estimated
folding time, 10 ms (23). On the other hand, the
estimated folding time is consistent with the
formation of a marginally stable state that con-
tains many of the features of the native struc-
ture. Because the residence time of the margin-
ally stable state is longer than 150 ns, only two
orders of magnitude shorter than the lower limit
of the estimated folding time, and is highly
nativelike, it may well be an intermediate state.
We speculate that a number of intermediates
such as the one we have observed will form and
dissipate, until one forms that allows the precise
side chain packing that will lead to the native
state.

These states, identified as clusters, when
linked together by the transitions, show the
pathways of the folding events, whereas the
number of transitions between clusters indi-
cates the likelihood of such transitions in the
simulation time scale. We have identified the
most populated clusters and the transitions
between them (Fig. 3). These transitions are
bidirectional (that is, the number of forward
and backward transitions are similar). A note-
worthy feature is that the access to the mar-
ginally stable state (discussed above) is lim-
ited, and only two primary pathways to it
were observed in the simulation. This is in
contrast to other states with similar (but
smaller) populations that are much more ac-
cessible. For example, the second most pop-
ulated state can be readily accessed through
five pathways. Consequentially, such states
are kinetically less stable and have a much
shorter residence time (a few nanoseconds)
than the marginally stable state, even though
on the basis of our limited sampling they are
only slightly less favorable thermodynami-
cally [2kBT ln(4782/8765), or about 0.4 kcal/
mol]. We speculate that limited access to the
folded state [such that folding takes place by
way of a few pathways or a dominant path-
way (5)] may serve to provide kinetic stabil-
ity to the thermodynamically stable folded
state. More importantly, through the transi-
tion network, early states can readily transit
between one another, resulting in thoroughly
tangled multiple pathways. Therefore, the
emergence of such pathways may be a key
feature of the funnel-shaped folding land-
scape, with the role of the folding intermedi-
ate being to merge the multiple pathways.

Among the native contacts, nine were in
contact for more than 50% of the simulation
time; they were “local” contacts (that is, less
than four residues apart along the chain). Ten of
the native contacts were formed for less than
10% of the simulation time, and seven of these
poorly formed contacts were tertiary contacts
(that is, more than five residues apart). Our
simulation indicates that the tertiary contacts
are less likely to form and be maintained in the
early stages of folding. Therefore, the formation

of tertiary contacts is likely to be the bottleneck
of the folding process. These results are consis-
tent with kinetic measurements of Plaxco et al.
who found that the folding speed is primarily
determined by the contact order (29)—the more
“nonlocal” contacts a protein has, the slower it
folds—suggesting the contribution of chain en-
tropy loss to the free-energy barrier of folding.

Our results show that microsecond-scale
simulations of small proteins in a fully sol-
vated environment can be used to probe the
early stages of the folding process. Although
we have presented only a single trajectory
here whose statistical significance cannot be
assessed, we have carried out a second tra-
jectory on HP-36 and one on protein G start-
ing from unfolded states for ;100 ns (30).
The nature of the burst phase (hydrophobic
collapse accompanied by secondary structure
formation) was similar to that reported here.
In addition, even though the repeated increas-
es and decreases in the Rg during the 1-ms
trajectory do not represent statistically inde-
pendent events, they can be viewed as steps
in the process of the protein finding its way
from the fully unfolded to its fully folded
state. With the further development of mas-
sively parallel supercomputers and constant
improvement of the simulation methods, sim-
ulation times may be extended to cover the
entire folding process of small proteins (tens
of microseconds) within a few years. Equally
exciting are the methods that have allowed
experimentalists to study protein folding on a
submicrosecond time scale. Thus, direct and
realistic comparisons between experimental
and simulation studies of protein folding may
soon be made on the same time scale. These
comparisons should provide a useful and crit-
ical assessment of the accuracy of the simu-
lation models such as force fields and bound-
ary conditions, and yield a microscopic un-
derstanding of the folding process valuable to
theoreticians and experimentalists alike.
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4. C. A. Schiffer, V. Dötsch, K. Wüthrich, W. F. van
Gunsteren, Biochemistry 34, 15057 (1995).

5. T. Lazaridis and M. Karplus, Science 278, 1928 (1997).
6. T. Fox and P. A. Kollman, Proteins 25, 315 (1996);

P. A. Kollman, Acc. Chem. Res. 29, 461 (1996).
7. The longest single MD trajectories of proteins with

explicit water have been 5.4 ns [A. Li and V. Daggett,
Protein Eng. 8, 1117 (1995)].

8. V. Daggett and M. Levitt, Proc. Natl. Acad. Sci. U.S.A.
89, 5142 (1992); J. Tirado-Rives and W. L. Jorgensen,
Biochemistry 32, 4175 (1993); V. Daggett and M.
Levitt, Curr. Opin. Struct. Biol. 4, 291 (1994).

9. Brooks and co-workers have attempted to recon-
struct the folding free-energy landscape [E. M. Boczko
and C. L. Brooks III, Science 269, 393 (1995); F. B.
Sheinerman and C. L. Brooks III, J. Mol. Biol. 278, 439

(1998)] from the restrained unfolding simulations
using the WHAM method [S. Kumar, D. Bouzida, R. H.
Swendsen, P. A. Kollman, J. M. Rosenberg, J. Comp.
Chem. 13, 1011 (1992); E. M. Boczko and C. L. Brooks
III, J. Phys. Chem. 97, 4509 (1993)].

10. E. Demchuk, D. Bashford, D. A. Case, Fold. Des. 2, 35
(1997); X. Daura, B. Jaun, D. Seebach, W. F. van
Gunsteren, A. E. Mark, J. Mol. Biol. 280, 925 (1998).

11. F. B. Sheinerman and C. L. Brooks, Proc. Natl. Acad.
Sci. U.S.A. 95, 1562 (1998).

12. E. I. Shakhnovich, Curr. Opin. Struct. Biol. 7, 29
(1997).

13. Y. Duan, L. Wang, P. A. Kollman, Proc. Natl. Acad. Sci.
U.S.A. 95, 9897 (1998).

14. C. J. McKnight, D. S. Doering, P. T. Matsudarira, P. S.
Kim, J. Mol. Biol. 260, 126 (1996).

15. C. J. McKnight, P. T. Matsudaira, P. S. Kim, Nature
Struct. Biol. 4, 180 (1997).

16. The force field [W. D. Cornell et al., J. Am. Chem. Soc.
117, 5179 (1995)] of Cornell et al. was used with full
representation of solvent with the TIP3P water model
[W. L. Jorgensen, J. Chandrasekhar, J. D. Madura, R. W.
Impey, M. L. Klein, J. Chem. Phys. 79, 926 (1983)].
Periodic boundary conditions were imposed by a
nearest image convention in a truncated octahedron
box. An 8 Å residue-based cutoff was applied to the
long-range nonbonded protein-water and water-wa-
ter interactions (both electrostatic and van der
Waals). The intramolecular nonbonded interactions
of protein were calculated without truncation. When
applicable, temperature and pressure controls were
imposed through use of Berendsen’s algorithms
[H. J. C. Berendsen, J. P. M. Postma, W. F. van Gun-
steren, A. DiNola, J. R. Haak, J. Comp. Phys. 81, 3684
(1984)]. The solute and solvent were separately cou-
pled to a temperature bath with coupling constants
of 0.1 ps. The pressure coupling constant was 20 ps.
The trajectories were produced by numerical integra-
tion with the Verlet-leapfrog algorithm [L. Verlet,
Phys. Rev. 159, 98 (1967); C. L. Brooks III, M. Karplus,
B. M. Pettitt, Proteins: A Theoretical Perspective of
Dynamics, Structure, and Thermodynamics ( Wiley,
New York, 1989)] by using a 2-fs time step. Bond
constraints were imposed on all bonds involving hy-
drogen atoms with SHAKE [ J.-P. Ryckaert, G. Ciccotti,
H. J. C. Berendsen, J. Comp. Phys. 23, 327 (1977)] and
SETTLE [S. Miyamoto and P. A. Kollman, J. Comp.
Chem. 13, 952 (1992)].

17. Preparation: The starting coordinates were the NMR
structure of villin headpiece subdomain by McKnight
et al. [C. J. McKnight, P. T. Matsudaira, P. S. Kim,
Nature Struct. Biol. 4, 180 (1997)] {Protein Data Bank
[F. C. Bernstein et al., J. Mol. Biol. 112, 535 (1977)]
access code 1vii}. It was denatured by carrying out a
1-ns simulation in water at 1000 K using constant
volume. The denatured molecule was then immersed
in a truncated octahedron water box constructed
from a cubic box of 76.5 Å. A total of 6510 water
molecules were retained. The excess water molecules
were removed after ;20 ns when a semistable com-
pact structure was formed, to reduce the computa-
tional cost. About 3000 water molecules were re-
tained for the remainder of the simulation. Produc-
tion: The simulation was started from an equilibra-
tion phase of 1.0 ns at 200 K and 1 atm pressure. The
long equilibration phase was intended to mimic an
equilibrated fully denatured state and for adequate
solvation of the molecule and to minimize any insta-
bility caused by the high-temperature origin of the
starting structure. The density of the system was
initially 0.90 g/cm3, increased to 1.05 g/cm3 within
10 ps, and remained so for the remainder of the 1-ns
solvent equilibration trajectory. The simulation was
then conducted for 1.0 ms (0.5 billion integration
steps). Temperature and pressure were controlled at
physiological conditions (that is, 300 K and 1 atm) by
the methods described above. Both temperature and
density stabilized within 10 ps. The trajectory was
saved at 20-ps intervals for the analysis. The entire
simulation took ;2 months’ CPU time on a 256-CPU
Cray T3D and an equal amount of CPU time on a
256-CPU Cray T3E-600.

18. The use of nonbonded cutoffs in the simulation, as
performed here, is an inherent source of “noise” in
the simulation trajectory. Such noise is not as dele-

R E P O R T S

www.sciencemag.org SCIENCE VOL 282 23 OCTOBER 1998 743



terious in small proteins with limited formal charges
as it is in, for example, RNA and DNA [T. E. Cheatham
III, J. L. Miller, T. Fox, T. A. Darden, P. A. Kollman,
J. Am. Chem. Soc. 117, 4193 (1995)], as demonstrat-
ed by the stability of the 100-ns simulation at 300 K
started from the native NMR structure. But accurate
inclusion of long-range electrostatic effects [U. Ess-
mann et al., J. Chem. Phys. 103, 8577 (1995)] does
provide an additional challenge for achieving high
parallelism in the MD code. Work is in progress to
include long-range electrostatic effects while still
achieving a level of parallelism and speed comparable
to that presented here.

19. O. B. Ptitsyn, Curr. Opin. Struct. Biol. 5, 74 (1995).
20. R. M. Ballew, J. Sabelko, M. Gruebele, Proc. Natl.

Acad. Sci. U.S.A. 93, 5759 (1996).
21. R. E. Burton, G. S. Huang, M. A. Daugherty, T. L.

Calderone, T. G. Oas, Nature Struct. Biol. 4, 305
(1997).

22. S. J. Hagen, J. Hofrichter, A. Szabo, W. A. Eaton, Proc.
Natl. Acad. Sci. U.S.A. 93, 11615 (1996); W. A. Eaton,
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A map of 30,181 human gene–based markers was assembled and integrated
with the current genetic map by radiation hybrid mapping. The new gene map
contains nearly twice as many genes as the previous release, includes most
genes that encode proteins of known function, and is twofold to threefold more
accurate than the previous version. A redesigned, more informative and func-
tional World Wide Web site (www.ncbi.nlm.nih.gov/genemap) provides the
mapping information and associated data and annotations. This resource con-
stitutes an important infrastructure and tool for the study of complex genetic
traits, the positional cloning of disease genes, the cross-referencing of mam-
malian genomes, and validated human transcribed sequences for large-scale
studies of gene expression.

The ultimate gene map for an organism is the
complete sequence of its genome, annotated
with the beginning and ending coordinates of
every gene. Construction of such sequence
maps has become routine for simpler organisms
with relatively small genome sizes (for exam-
ple, 1 to 20 Mb), and public databases now
contain 18 examples of such complete genomic
sequences (1). For more complex organisms,
such as mice and humans, with genome sizes in
the 3-Gb range, complete and accurate genome

sequences are still 5 to 10 years away (2, 3).
However, large quantities of preliminary data
(“shotgun assemblies”) are already available (4)
and expected to grow rapidly (5). Both of these
factors necessitate the construction of gene
maps to support basic and applied research in
mammalian biology and medicine, as well to
aid in the analysis and interpretation of “unfin-
ished” genome sequence data. Extensive librar-
ies of expressed gene sequences (6, 7), com-
bined with physical mapping with radiation

hybrid (RH) panels (8–10), have provided the
information, infrastructure, and technology to
produce such maps in an efficient and econom-
ical manner.

In 1994, an international consortium was
formed to construct a human gene map in
which cDNA-based sequence-tagged site (STS)
markers were physically mapped and then in-
tegrated with the genetic map of polymorphic
microsatellite markers (11). The initial report of
this consortium in 1996 described a map of
;16,000 genes (12). A new map, reported here,
represents a nearly 100% increase in gene den-
sity and map accuracy and may contain up to
half of all human protein-coding genes. This
map should be a valuable resource for the po-
sitional candidate cloning of complex (polygen-
ic) disease loci, the construction of complete
physical maps of chromosomes for genome
sequencing, and comparative analysis of mam-
malian chromosome structure and evolution.
Furthermore, sequence validation that occurs in
the process of STS design and mapping creates
a quality-assured gene sequence resource for
“functional genomics” applications (13) such as
the design and construction of large-scale gene
expression arrays.

This new gene map consists of data from
41,664 STSs (Table 1). As in the previous map
(12), they are based on 39 untranslated regions
of cDNAs. These STSs represent 30,181
unique genes. Markers were typed on the Gene-
bridge4 (GB4) RH panel (39,886 cDNAs, 1641
microsatellite markers, and 13 telomeric mark-
ers), on the G3 RH panel (5013 cDNAs and
2091 microsatellites), or on both panels (1102
microsatellites). All GB4 data (Table 1) were,
for the first time, merged into a single map and
aligned with the G3 RH map and the genetic
map (11) with the 1102 microsatellite markers
that are common to all three maps. The inte-
grated map is available at www.ncbi.nlm.nih-
.gov/genemap. In addition, two Web servers
[one for each RH panel (14)] permit anyone to
map a new marker relative to this map.
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